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Abstract. The state policy in Ukraine regarding the informatization of the healthcare system,
as well as the introduction of the latest information technologies, is aimed at eliminating the
backlog in this area from the leading countries of the world and accelerating entry into the
information space of the international community. It is currently impossible to bring Digital Health
Management (DHM), practical medicine, medical education, and health science to the modern level
without the use of theoretical knowledge. The study provides a conceptual framework for the
development and use of eHealth literacy in DHM, as well as in national and international eHealth
management activities. The purpose of this study is to explore the application of eHealth literacy
instruments for assessment and implementation in DHM. Methodology: The study used a
systematic review and analysis of articles published (from 2006 to 2022) in PubMed, Web of
Science, and Scopus. The systematic review was conducted in accordance with PRISMA principles.
The manual search strategy was used for the study. The methodological quality of each validation
study was assessed using the COSMIN checklist and extracted data from the study. The research
findings show that most of these instruments are only for planning and evaluating the results of
medical interventions and for improving the skills of health professionals. However, existing
eHealth Literacy instruments do not contain items of digital finance that could accelerate the
integration of digital financial literacy into the health sector. Eight qualitative studies of eHealth
literacy instruments were found useful for evaluation or implementation in DHM.

Keywords: eHealth literacy, digitalization, electronic healthcare, health management.
JEL Classification: G28, 118, H51.

INTRODUCTION

Digital Health Management (DHM) is increasingly being adopted globally to address various
public health issues. Digital Health Management combines technological innovation with
transformation services to give people the support they need, when and where they require it. In
2006, Norman and Skinner introduced the eHealth literacy model, encompassing six domains of
skills and abilities (basic, health, information, scientific, media, and computer) needed to effectively
understand, process, and act on health-related information. Little is known about whether these
domains of eHealth literacy are assessed or accounted for in DHM. DHM has the administrative and
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managerial capabilities, organizational structures, and systems needed to fund and deliver health
services more effectively and equitably.

The application of eHealth literacy in digital health management plays an important role in
sector strategy for planning and evaluating the results of health interventions (World Health
Organization [WHO], 2022), in public administration for synchronization and unification of cross-
country information with an emphasis on the health sector (Hargreaves, Mates, Menon, Alderman,
Devakumar, Fawzi & Patton 2022), in digital finance to accelerate the integration of digital
financial literacy in the health sector (Gabani, Mazumdar & Suhrcke 2023), (Sobolieva-
Tereshchenko & Zharnikova 2022), in health personnel management as an effective tool for
improving the skills of health professionals (Efthymiou, Kalaitzaki & Rovithis 2023).

Studies about the application of healthcare in health management distinguish three main
groups: research on healthcare management during COVID (Lou, Montreuil, Feldman, Fried,
Lavoie-Tremblay & Bhanji, 2021) (Lokajova, A., Smahel, D. & Kvardova, N., 2023), studies on
healthcare management at the district level and the effectiveness of the healthcare system (Liu,
Desai, Fetene, Ayehu, Nadew, & Linnander 2022), (Proskurnia, O., 2018), (Yershov, S., 2018)
articles on the use of a balanced scorecard in healthcare management (Huebner & Flessa (2022),
(Amer, Hammoud, & Khatatbeh 2022), but there is few research on the implementation and
application of eHealth literacy in digital health management (Sobolieva-Tereshchenko, 2023).

LITERATURE REVIEW

A growing number of electronic resources, technologies, and an increasing number of health
literacy measurement tools show the importance of people's skills in finding, understanding, and
evaluating the health information that can be found on the Internet. However, no systematic review
of eHealth literacy found a simultaneous assessment of research quality and a comparative analysis
of eHealth literacy skills for implementation to DHM.

The eHealth Literacy Scale (eHEALS) for health management was developed by Cameron D.
Norman and Harvey A. Skinner (2006). Cameron D. Norman suggested that elements of eHEALS
can be developed that consider skills and tasks such as confidence in clear self-expression in online
social interactions, ability to synthesize professional and non-professional advice, convenience, and
ability to navigate information received through a mobile device, ability to use skills to filter
relevant and trustworthy information.

eHEALS was the first electronic health literacy assessment system that assessed Internet
users' skills in finding and applying medical knowledge online, but eHealth literacy levels were not
associated with self-reported health status and were not a significant predictor of DHM.

Among different instruments designed to measure eHealth literacy, eHEALS is the most
widely used. This eHealth literacy scale has been translated into many languages. Since 2006, the
scale has been validated in many studies conducted with the participation of various groups of
respondents: younger populations, adolescents, adults, old people, and patients with diseases. This
has prompted researchers to conduct systematic reviews of eHealth literacy.

One of the first systematic reviews of eHealth literacy was presented among college students:
with implications for eHealth education by Stellefson, M., Hanik, B., Chaney, B., Chaney, D.,
Tennant, B., and Chavarria, E. A. in 2011. The results of the survey showed that there is significant
room for improvement in the ability of college students to access and evaluate eHealth information.

One previous narrative review of eHealth literacy instruments by Karnoe, A., and Kayser, L.
(2015) simply summarized instruments rather than performing quality assessments or data
syntheses. Later, Lee, J., Lee, E. and Chae, D. (2021) conducted a systematic review of the
measurement properties of eHealth literacy tools to identify available eHealth literacy tools and
evaluate their measurement properties to generate robust evidence for researchers and clinicians.
Xie, L., Zhang, S., Xin, M., Zhu, M., Lu, W., and Mo, P. K. (2022) presented a systematic review
of electronic health literacy and health-related outcomes among older adults. Despite the increased
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number of studies in recent years, understanding of the relationships between eHealth literacy and
Digital Health management is still limited.

PAPER OBJECTIVE

The purpose of this study is the systematic review and analyze the role of eHealth Literacy
Instruments in DHM as a driver of implementation for public administration. Our systematic review
aimed to provide updated insights on eHealth Literacy Instruments by answering the following
research questions:

RQ1: What are the existing measurement instruments in eHealth Literacy for implementation
to DHM?

RQ2: What indicators are significant to evaluate studies and instruments of eHealth literacy
for estimating the level of eHealth Literacy on DHM?

Thus, our systematic review of the eHealth Literacy measurement can identify all existing
tools and provide information to determine which one is of the best quality studies for DHM.

METHODOLOGY

Our systematic review framework is based on studies of all scales, tools, questionnaires, and
instruments of eHealth Literacy since the publication of eHEALS. We searched Web of Science,
PubMed, and Scopus for published articles on the measurement properties of instruments measuring
eHealth Literacy and identified eligible articles using a standard set of selection criteria. We
assessed the methodological quality of each validation study reported using the COSMIN checklist
and extracted data from the study.

We selected eligible articles based on 3 main criteria: (1) availability of English full - text or
Open Access article, (2) measuring eHealth literacy instruments as defined in the systematic review
framework (3) use of relevant measuring instruments, and adequate description of the development
and validation of eHealth Literacy measuring instrument. Our study focused on finding measuring
instruments of eHealth Literacy (scales, toolkit, instruments, questionnaire).

This study included all original articles reporting psychometric properties of eHealth Literacy
Instruments published after eHealth Literacy Scales. Articles were identified by searching three
databases: Web of Science, PubMed, and Scopus. The databases were searched from January 2006
to January 2022. The study used a manual Search Strategy.

The search strategy was limited to eHealth literacy instruments whose psychometric
information was presented transparently and accurately. Papers were retrieved using various
combinations of the title, keywords, and abstracts of articles, including 'eHEALS’, ‘eHealth literacy
instruments, ‘e-Health literacy instruments, and 'electronic Health literacy instruments.’

Inclusion criteria were: English article published between 2006 and 2022 and Literature Free
full text or Open Access. Exclusion criteria were dissertations, books, letters to the editor, papers
presented at conferences, and abstracts of speeches. Eligibility criteria for inclusion were as
follows: the study contained the research of the instruments of eHealth Literacy; the study included
sample and formative, process, and outcome assessment of this eHealth Literacy instruments; and
the study was a reviewed paper.

The initial search yielded 1699 articles, including 551 articles on the Web of Science, 611
articles on PubMed, and 537 articles on Scopus. All potentially relevant publications were extracted
and analyzed. After the final evaluation, the necessary data were extracted and recorded. The
literature search results were reviewed, screened titles and DOI, and duplicate results were excluded
(1151), leaving 548 articles (criteria 1). So, the initial search cleared of duplicates for abstracts
resulted in 548 articles, that were reviewed for relevance to the research question.

So, the initial search cleared of duplicates for abstracts resulting in 548 articles, that were
reviewed for measuring eHealth literacy instruments as defined in the systematic review framework
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(criteria 2). The main factors for ultimately excluding many articles included the following: the
study described the models of eHealth Literacy; the study focused on Health Literacy, education
and training of healthcare staff or other subsets of Health Literacy outside the scope of the eHealth
Literacy Instruments. By the inclusion and exclusion criteria 2 from the study, the titles and
abstracts of the articles were carefully examined, resulting in 242 articles.

Then, 242 articles were reviewed, and 15 articles were selected that used relevant measuring
instruments (criteria 3). The main factors for ultimately excluding many articles included the
following: the study provided a short description of the eHealth Literacy Instruments without
providing results on the approbation. The additional factor in the final exclusion of many studies
was that the study was empirical and conducted on eHealth Literacy Instruments adapted for use in
different languages and/or in various populations.

Therefore, the 3 criteria effectively excluded papers that measure the actual results of testing
the translation of eHealth Literacy Instruments, for example, approbation eHEALS, HLS-EU-Q,
and a mix of diverse eHealth Literacy Instruments for different countries and/or various groups of
adults, adolescent, old people with chronic (non-chronic) diseases.

Measuring instruments of eHealth Literacy provide insight into individuals' eHealth literacy
skills. They can also provide a broader overview of the skills that play an important role in eHealth
interactions, including interactive skills. However, measuring instruments of eHealth Literacy or
hybrid scales are usually long, more complex, time-consuming for patients and professionals, and
may not be feasible in specific settings.

To eliminate bias, when the long version of the scale or questionnaire is compared with the
short version, and to eliminate systematic fallacy, when the large sample is compared with a small
one, we added additional conditions. We excluded articles written by a single author with a sample
of less than 100 participants. Additionally, we excluded the instruments of more than 50 items,
because usually long scales are more complex, and time-consuming for patients and professionals,
and might not be feasible in specific settings.

For example, Health LiTT is a multi-media touch screen self-test for assessing health literacy
using the Talking Touchscreen, FLIGHT & VIDAS is a computerized indicator for estimating Good
Health Today were excluded because they used a long 82-item and long 91-item instrument in the
scale.

Computer-based and performance-based instrument to assess health literacy skills is the
computer-based multidimensional health literacy instrument, Digital Health Literacy Assessment
Tool (DHLAT) and EMHL is a test to evaluate the performance of the Mental Health Literacy on
base EspaiJove.net were excluded because they have small sample 28, 23 and 19 participants
respectively.

In total, for review of 15 full-text articles, w extracted the following data from eligible
articles: (1) basic article information (authors, title, journal name, year of publication, study
eligibility); (2) validation study details (design, objectives, setting, country); (3) description of
respondents (type, sample population, size, mean age, gender, disease status); (4) instrument details
(name, purpose, number of items, response scales, constructs purported to measure, constructs and
domains of eHealth Literacy relevant to the conceptual framework); (5) details of instrument
development (item generation, refinement procedures, administration, scoring methods, theoretical
basis, limitations); and (6) results of statistical analyses and measurement properties evaluated
(statistical methods, reported values for each measurement property). Therefore, 15 articles with an
eHealth literacy instrument were selected for the COSMIN. evaluation. Then, 15 articles with full
data extraction were independently reviewed, analyzed, and assessed by quality assessment of
studies using the COSMIN checklist on a 4-point scale. (Terwee, Mokkink, Knol, Ostelo, Bouter &
de Vet 2012). If two reviewers had doubts, the full version was analyzed and discussed together.
Finally, only 8 articles were rated as quality and good according to the COSMIN Quality
Assessment criteria. The study flowchart that details the study selection process along with the final
search results is presented in Figure 1.
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Figure 1. Flowchart of the study selection process
Source: Own compilation

The methodological quality of studies was assessed using the COSMIN checklist on a 4-point
scale. (Terwee et al. 2012). This checklist is comparable to others that assess the quality of other
types of studies included in the systematic review. The study met methodological standards for each
measurement property tested (Table 1). Therefore, we rated the study as poor, fair, good, or
excellent for each item in the respective dimension property.

After rating each item, we applied a worst-case scoring algorithm to obtain the COSMIN
checklist quality score for per measurement property examined. For example, if one item in the box
“Reliability” is scored poor, the methodological quality of the assessment of reliability in that study
is rated as poor. A poor score on any item is thus considered to represent a fatal flaw.
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Table 1

Definition of the Quality Assessment of Studies

Reported L
Measurement Property Result Definition
. The degree/extent to which items in a
1. Internal poor, fair, good,

consistency  or excellent (sub)scale are inter - correlated, thus measuring

the same construct

Reliabilit . . .
y . The proportion of the total variance in the
. ... poor, fair, good, .
2. Reliability measurements due to true differences among
or excellent )
patients
. The degree to which the content of an
4. Content poor, fair, good, . . .
- instrument is an adequate reflection of the
validity or excellent
- construct to be measured
Validity

The degree to which the scores of an instrument
are an adequate reflection of the dimensionality
of the construct to be measured

5. Structural  poor, fair, good,
validity or excellent

Guidelines for Implementing Quality Assessment of Studies (data processed by researchers).
Source: Terwee, C. B., Mokkink, L. B., Knol, D. L., Ostelo, R. W., Bouter, L. M., & de Vet, H.
C., 2012.

RESULTS AND DISCUSSION

The Quality Assessment of Studies included investigators using COSMIN with a 4-point scale
(Terwee et al. 2012). Each study was evaluated using items in the checklist and rated as Excellent,
Good, Fair, or Poor. The lowest rating of any standard in the box was taken as the Quality of
Studies.

Regarding the evaluation of each study, Internal consistency was the first parameter to be
evaluated. Internal consistency included three requirements of design such as checking the
unidimensional scale or a subscale, performing the analysis in a sample, and estimating continuous
scores. Internal consistency was considered the most important dimension property, as the study
should reflect the quality of scale or subscale and capacity of the study sample.

Next, the reliability of the study was assessed using three design requirements. Reliability
included three design requirements, such as the adequacy of the sample size included in the
analysis, the absence of flaws in the design or study methods, and the availability of the calculations
of the intraclass correlation coefficient (ICC).

Finally, all the results for each study's properties were qualitatively summarized or
quantitatively pooled. The summarized results were rated as Excellent, Good, Fair, or Poor. The
overall rating of the quality of each study was determined by taking the lowest rating of any
standard in the box (i.e. “the worst score counts” principle).

Subsequently, the remaining properties of studies such as Content validity included three
requirements of design, and Structural validity included two requirements of design were evaluated.
Based on research Quality Assessment of Studies of 15 articles with an eHealth literacy instrument
using the COSMIN score identified eight articles rated “excellent” and “good”.

In summary, three articles Norman CD and Skinner HA (2006), Kelly, L., Ziebland, S., and
Jenkinson, C. (2015). (2015), Liu, H. X., Chow, B. C., Liang, W., Hassel, H., & Huang, Y. W.
(2021) were rated as “excellent”. Five articles of them Koopman R.J et al. (2014), Eun-Hyun Lee et
al. (2022), Van der Vaart, R., and Drossaert, C. (2017), Zhang, L., and Li, P. (2022), and Sgrensen,
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K., Van den Broucke, S., Pelikan, J. M., Fullam, J., Doyle, G., Slonska, Z., Kondilis, B., Stoffels,
V., Osborne, R. H., Brand, H., and HLS-EU Consortium (2013), Eun-Hyun Lee, Young Whee Lee,
Kwan-Woo Lee, Hae Jin Kim, Seongbin Hong, So Hun Kim and Eun Hee Kang (2022) were rated
as “good”. (Table 2)

Table 2
Articles rated quality and good of the Quality Assessment of COSMIN
Quality
# Name Authors Year Country glfuirtr;k;?; Assessment of
COSMIN
1 eHealth Literacy Scale Norman CD,
(eHEALS) Skinner HA 2006 Canada 8 Excellent
2 European Health Literacy European 2009-
Questionnaire (HLS-EU-Q16) HLS project ~ 2012 EU 16 Good
3 Patient Readiness to Engage in Koooman R.J
Health Internet Technology F()et al ' 2014 USA 28 Good
(PRE-HIT)
4  e-Health Impact Questionnaire Kelly Laura et 2015 UK 37 Excellent
(eHIQ) al
5 Digital Health Literacy Van der
Instrument (DHLI) Vaart, Retal 2017 Netherlands 28 Good
6 eHealth Literacy Scale in Web . .
3.0 contest (eHLS-Web 3.0) LiuHetal 2021 China 24 Excellent
7 Problem-Based mHealth Literacy  Zhang, L., & .
Scale (PB-mHLS) Li P. 2022 China 33 Good
8 Condition-specific eHealth Eun-Hvun
literacy scale for diabetes Leelei/al 2022  South Korea 10 Good

(CeHLS-D)

Source: Own compilation

The domains and samples used when developing the identified instruments and intended use
are summarized in Table 3. All instruments were approbated on a large sample of 117 (eHIQ) to
1421 (eHLS-Web 3.0) percipients and different groups of adolescents and adults from 13 years old
(eHEALS) to 84 years old (DHLI). Three instruments were tested in 2 stages (eHIQ, DHLI, eHLS-
Web 3.0). The number of domains varied from 2 (CeHLS-D) to 8 (PRE-HIT).
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Table 3
Review of domains and samples in articles

# Name Year Sample Domains/SKills Area of management

Traditional literacy.

Media literacy. Planning and evaluating

eHealth 664 Information literacy the results of health
1 Literacy Scale 2006  adolescents Computer literacy ' interventions. Tool for
(eHEALS) (age 13-21) Science literacy ' improving the skills of

. ' health professionals.

Health literacy.

European Healthc_are doma_in. Disease Planning and evaluating
Health prevent_lon doma_m. Health Fhe result_s of health
Literacy 2009- 8000 promotion doma_ln. interventions. Public

2 Questionnaire 2012 participants Access mfor_matlon. _ admlnlstr_atlo_n for
(HLS-EU- Under_star!d mformatlon. syr_1c_hro_n|zat|on and
016) Appraise information. unification of

Apply information. information.

Health Information Need.

Patient Compu_ter/lnternet Experience, _ _
Readiness to 200 patients Expertise. ' Planning and evaluating
Engage in with chronic Computer Anxiety. _ Fhe result_s of health
3 Health Internet 2014 conditions Prefe_rred I\_/Iodg of Interaction. interventions. To_ol for
Technology (age 184) Relationship with !Doctor. improving the_skllls of
(PRE-HIT) Cell Phone_ Expertise. health professionals.
Internet Privacy Concerns.
No News is Good News
117 Attitudesf towards online health _ _
e-Health participants in qurmatlon. _ Planning and evaluating
Impact Stage 1 + 102 Attitudes tov_vards shar_lng Fhe result_s of health
4 Questionnaire 2015 participants in health experiences on_ll_ne. _ interventions. To_ol for
(eHIQ) Stage 2 (age Conflden_ce and |dent|f|ca'_uon. improving the_skllls of
18+4) Informatlon_ and presentation. health professionals.
Understanding and motivation.
200 Operational skills.
Digital Health respondents at Navigati(_)n skills. _ Planning and evaluating
Literacy T1 (age 18-84) Informapon sqarc_hmg. Fhe result.s of health
5 Instrument 2017  +67 Evaluat_m_g reliability. interventions. To_oI for
(DHLI) respondents at Dete_rmlnlng relevance. improving the_skllls of
T2 (age 18-  Adding self-generated content.  health professionals.
65) Protecting privacy.
1/1421 Acquisition.

Verification. . .
students (age Application Planning and evaluating the
205+14 X ‘ results of health

eHealth Searching for eHealth . . .
. years), 8 : ; interventions. Public
Literacy Scale health experts information. administration for
6 inWeb3.0 2021 (age 38.3+ 5.9 Communicating with service svnchronization and
contest (eHLS- ge 36.5.% 9. providers. ynehrol . .
Web 3.0) years). Building personal health data unification of information.
' 2/741students sets Tool for improving the skills
(age 21.3+1.4 ' . of health professionals.

Self-tracking.

years)

Protecting privacy
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Table 3 continuation

Mobile health needs.
Mobile phone operational

lsbl\(g:quiring mHealth Planning and evaluating the
Problem- information. irr?f:rl\ir?{igr?:ltgublic
Based 433 responses  Acquiring mHealth services. a dministratioh for
7 mHealth 2022  aged 30 -60 Understanding of medical svnchronization and
Literacy Scale years terms. u)rlwification of information
(PB-mHLS) Mobile-based patient—doctor '

Tool for improving the skills

communication. .
of health professionals.

Evaluation of mHealth
information.
mHealth decision-making.

Condition- . .
specific 453 people Cognitive actions for internet Planning and evaluating the
N . : . results of health

eHealth with diabetes diabetes information. . .

8 2022 . .. interventions. Tool for
literacy scale aged 56.8 + Abilities of digital . . )

. I improving the skills of

for diabetes 10.8 year communication. health professionals
(CeHLS-D) P '

Source: Own compilation

Most instruments can be successfully applied in planning and evaluating the results of health
interventions and health personnel management as an effective tool for improving the skills of
health professionals. Only a few instruments can be successfully applied in public administration
for synchronization and unification of cross-country information with an emphasis on the health
sector. However, digital finance accelerates the integration of digital financial literacy in the health
sector. A set of knowledge about the pension system, insurance system, and medical social support
very important area in eHealth Literacy instruments and needs included in Digital Health
management.

CONCLUSION

This is the first systematic literature review that specifically finds measurement instruments
of eHealth literacy and estimates the quality of study for DHM. We found eight unique eHealth
literacy instruments and conducted an analysis of eHealth literacy dimensions for DHM. This
review highlighted that there were more than enough instruments for measuring eHealth literacy.
Therefore, well developed instruments could be helpful if appropriately selected based on the goals
of DHM.

Study has few limitations. Only three widely used databases were used for the literature
search. In addition, the review of articles without reviews of books, letters to the editor, and
abstracts of speeches may be insufficient to reflect the results of all research, and some relevant
studies may have been removed. Literature containing limited information such as conference
abstracts, review protocols, or a note were also excluded. Finally, only English literature was
selected during the review process, which may result in an incomplete literature search. Further
research expanding the study types excluded would be worthwhile.

For 17 years, along with the development of interactive communication technologies on the
Internet, conceptual expansions of eHealth literacy have been required. This has led to the
development of a new generation of instruments to measure both the wider (e.g. PRE-HIT, eHIQ,
DHLI, eHLS-Web 3.0) and the deeper range of eHealth literacy (CeHLS-D). However, most of
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these instruments have been assessed dimensions only for planning and evaluating the results of
medical interventions and as an effective tool for improving the skills of health professionals.

In the future, studies will be required to comprehensively and in-depth study eHealth
literacy measurement in the area of unification and standardization of eHealth literacy instruments
and eHealth literacy skills. Separate attention should be paid to the inclusion of financial literacy
subscales in the eHealth instruments for use in DHM. The future of DHM should comprehensively
assess the measurement of eHealth literacy when designing or evaluating interventions to
understand how and why health interventions can be effective.
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3ACTOCYBAHHS EJEKTPOHHOI MEIUYHOI TPAMOTHOCTI B IU®POBOMY
YIIPABJIITHHI OXOPOHOIO 3/10POB's1

CoooaeBa-Tepemenko O.A. Kykosa 10.M.
Misxcoucyunninapna Jlocnionuywvka I pyna Kuiscokuii ynisepcumem imeni bopuca
Iumepnemy ma Cycninbcmea I pinuenxa, Yxpaina

Yuisepcumem imeni Macapuxa, Yexia

Jlep>kaBHa moiTHKa YKpaiHu moa0 iHpopMaTH3allii cucTeMH OXOPOHHU 370POB’S, a TAKOXK
BIPOBADKCHHSI HOBITHIX 1H(GOPMAIIHHUX TEXHOJOTIM CIPSMOBaHI Ha JIKBIJAIIK BiJCTaBaHHS
nep:kaBu B il cdepi Bixg mpoBigHux Kpain CBiTy Ta IPUCKOPEHHS BXO/KCHHS B iH(pOpMaIiifHui
MPOCTip MKHAPOIHOT cIIbHOTH. B cyuacHux ymoBax Lludpose Ynpasninag OxopoHowo 310poB's
(ITYO3), mpakTHuHy MEIUIMHY, MEAUYHY OCBITY Ta HayKy MpO 3/I0POB’S HEMOXIIMBO BHUBECTH Ha
CydacHUH piBeHb 0€3 BHUKOPUCTAHHS TEOPETHMYHUX 3HaHb. JlochmipkeHHs 3alesmnedye
KOHIICTITyaJIbHY OCHOBY JUIS PO3BHTKY Ta BHUKOPHCTAHHS EJIEKTPOHHOI TPaMOTHOCTI OXOpPOHHU
3nopoB’ss B LIYO3, a Takoxx miuatdopMmy Ui yIpaBlliHHS €JIEKTPOHHOI OXOpPOHOIO 370pOB’sl Ha
HaI[lOHAJILHOMY Ta MI)KHapOJHOMY piBHSAX. MeTor0 1bOro JOCHIPKEHHS € BUBYEHHSI 3aCTOCYBaHHS
IHCTPYMEHTIB €JIEKTPOHHOI TI'pPaMOTHOCTI OXOPOHM 3J0POB’Sl Ul OLIHKM Ta BIPOBA/DKEHHS B
HYO3. MeToaoJorisi: y 10CIiPKEHHI BUKOPUCTOBYBABCS CUCTEMAaTHYHHM OTJIsi Ta aHAJI3 CTaTeH,
onyOmikoBanux (3 2006 mo 2022 pix) y PubMed, Web of Science ta Scopus. Cucremarnunuit
OTJIsi7T TTPOBOJMBCS BiANMoBinHO A0 mpuHnumiB PRISMA. Jlns mocnimkeHHST BUKOPUCTOBYBajacs
CTpaTerisi py4HOro Momyky. MeToJoJIoriuHy SKICTh KOXHOTO BaJiaLlifHOTO JTOCITIIKEHHS OYI0
OLIIHEHO 3a JIOMOMOTrol0 KOHTpoibHOro cnucky COSMIN. Pe3yabTaTn 10CHIKEHHS MOKa3ylOTh,
10 OUIBIIICTh IHCTPYMEHTIB €JIEKTPOHHOI IPaMOTHOCTI OXOPOHHU 3JI0pOB’sl MPU3HAYEH] JIUILIE IS
IUIaHYBaHHS Ta OI[IHKM pE3yJbTaTiB MEIWYHUX BTpy4YaHb 1 JUIsl MIABUILEHHS KBamiQikarii
MEIWYHHMX NpaliBHUKIB. Pa30oM 3 1IUM, iCHYIOUl IHCTPYMEHTH €JIEKTPOHHOI I'PaMOTHOCTI OXOpPOHHU
3JI0pOB’Sl HE MICTSTH €JIeMEHTIB (iIHAaHCOBOI OLIHKM 1H(OpMaIllli PO 310pOB’sl, HOro MIATPUMKY Ta
MOJIMIIEHHS, SIKI MOTJIM O MPUCKOPUTH IHTErpauio mu@poBoi (HiHaHCOBOI I'PaMOTHOCTI B CEKTOP
OXOPOHH 3J0pOB’s. B mimcymKy, jmie BiCiM SKICHUX JOCHIKEHb ITHCTPYMEHTIB €JIEKTPOHHOI
IPaMOTHOCTI OXOPOHM 370pOB’sl OyiIM BU3HAHI NMPUMHATHUMH JJIS OI[IHKM Ta BIIPOBAKEHHS B
Oyo3.

Kuto4oBi ciioBa: enekTpoHHa rpaMOTHICTh OXOPOHHU 3/10pOB's, UG poBi3allis, eJIeKTPOHHA
OXOpOHA 3710pOB'Sl, YIPABIIHHI OXOPOHOIO 3/10POB's.
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